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 Abstract  

Labuan Bajo in West Manggarai has experienced rapid transformation 

as one of Indonesia’s Super Priority Tourism Destinations. Despite 

expanding tourism activities, poverty reduction has not occurred 

proportionally among local communities, raising concerns about the 

relationship between tourism growth and structural socioeconomic 

factors. This study examines whether tourism-driven GDP expansion, 

hospitality infrastructure growth, tourism labor absorption, educational 

attainment, and core infrastructure provision significantly influence 

poverty reduction. Using a quantitative correlational design, the 

research analyzes secondary time-series data from 2010 to 2024. 

Poverty rate serves as the dependent variable, while independent 

variables include tourism GDP, number of hotels, tourism employment, 

average years of schooling, and road infrastructure quality. Data were 

tested through classical assumption diagnostics and multiple linear 

regression. Results show that tourism GDP, tourism employment, and 

road infrastructure quality have significant negative effects on poverty, 

indicating that income generation, job absorption, and connectivity 

reduce poverty levels. However, hotel growth and schooling years are 

not statistically significant. The model demonstrates strong explanatory 

power, emphasizing the importance of inclusive labor participation and 

infrastructure access in tourism-led development. 

Introduction 

Poverty in tourism-dependent regions such as Labuan Bajo, West Manggarai remains a 

persistent issue despite the remarkable growth of the tourism sector and its designation as a 

Super Priority Tourism Destination. In many developing contexts, tourism is frequently 

assumed to function as a mechanism for poverty reduction by driving local GDP growth and 

expanding commercial activities, yet empirical outcomes show that these effects are highly 

conditional (Zhao & Xia, 2020; Mahadevan & Suardi, 2019). Tourism-led economic expansion 

is often unevenly distributed among populations, with gains captured by high-capital operators 

rather than local residents, as seen in other emerging destinations (Lagos & Wang, 2023). The 

situation in Labuan Bajo mirrors these findings, where the rapid expansion of tourism-related 

revenue does not necessarily correspond to proportional improvements in household income 

among local communities (Miranti & Amalia, 2023; Song et al., 2024; Gündüz et al., 2025), 

indicating that macro-level tourism growth does not automatically translate into micro-level 

poverty relief. 

A critical dimension of the tourism–poverty nexus in Labuan Bajo concerns the nature of 

tourism investments and the ownership structures of tourism assets. Jeyacheya & Hampton 
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(2020) highlight that externally controlled hotel chains and tourism infrastructures often 

produce revenue leakages, whereby profits exit the economy of the host region. This is 

reflected in West Manggarai, where many premier hotels, boat operators, and tour services are 

owned by investors from Bali, Jakarta, or abroad, limiting the ability of local populations to 

benefit economically. Alfrojems & Anugrahini (2019) and Rusyidi & Fedryansyah (2018) 

stress that local ownership and community-based tourism models are far more effective at 

generating pro-poor outcomes than top–down tourism expansion. Similar regional studies 

based in Indonesia show that community-managed tourism villages have stronger welfare 

spillovers (Royali et al., 2024; Veriasa et al., 2023; Yaya et al., 2024). These insights imply 

that in Labuan Bajo, merely increasing the number of hotels or tourism arrivals is insufficient; 

the structure of local economic participation is the determining factor. 

Infrastructure accessibility also critically shapes the extent to which tourism benefits the 

broader population of West Manggarai (Teguh et al., 2025; Pulinggomang & AH, 2019). 

Marinho et al. (2017) demonstrate that infrastructure investments improve income distribution 

through mobility access, while Taufiqqurrahman & Marsisno (2024) find that in NTT, road 

access is a determining factor in whether households can access tourism-driven employment 

or market opportunities. In Labuan Bajo’s coastal tourism core, residents benefit more directly 

from visitor flows, but inland communities located in Pacar, Wae Bobok, and other rural areas 

often remain excluded due to infrastructural limitations and geographic isolation. Simorangkir 

et al. (2024) further emphasize that only when transportation routes connect remote 

communities to tourism service chains can the welfare impacts of tourism be widely 

distributed. Thus, infrastructure in West Manggarai is not only a logistical requirement but a 

determinant of the equity of tourism benefits. 

Human capital also mediates the interaction between tourism and poverty in Labuan Bajo. 

Although educational attainment has improved in the region, studies suggest that tourism 

economies often absorb low- to medium-skilled labor, limiting wage growth potential (Elisandi 

et al., 2023). Yoga & Diputra (2024) argue that schooling produces income effects only when 

linked to skill-specific labor markets, such as managerial, linguistic, technical, or specialized 

operational roles. Liu & Xie (2022) highlight that targeted tourism workforce development 

such as hospitality service training and language acquisition leads to more sustainable earnings 

for local populations. In Labuan Bajo, local workers frequently occupy lower-tier roles such as 

drivers, porters, and general service staff, while higher-value positions in marketing, 

management, and finance tend to be dominated by non-local workers. Thus, human capital 

alignment remains a constraint. 

Reflecting these patterns, Labuan Bajo, West Manggarai presents a complex and important 

case for multidimensional poverty evaluation in a tourism-led economy. While tourism GDP 

in the region continues to expand, the distribution of benefits remains uneven and strongly 

influenced by the spatial, institutional, and labor-market characteristics of West Manggarai 

itself. As international literature indicates (Odhiambo, 2021; Ridderstaat et al., 2022), tourism 

can either reduce or reproduce inequality depending on employment absorption, ownership 

structures, infrastructure, and localized human capital. Therefore, a multidimensional 

assessment of poverty in Labuan Bajo that incorporates the effects of tourism GDP, hospitality 

infrastructure, tourism employment, educational attainment, and road access is critically 

necessary to ensure that tourism development strategies truly foster inclusive and sustainable 

poverty reduction for the residents of West Manggarai. 

The primary objective of this study is to analyze the multidimensional determinants of poverty 

in Labuan Bajo, West Manggarai by examining the effects of tourism-driven GDP expansion, 

hospitality infrastructure growth, tourism labor absorption, human capital accumulation, and 
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core infrastructure provision on regional poverty levels. Specifically, this research aims to 

quantify the contribution of tourism economic growth, assess the role of employment within 

the tourism sector, evaluate the distributional effect of hotel development, measure the 

influence of educational attainment, and determine the impact of transportation infrastructure 

quality on household-level poverty outcomes, thereby providing an evidence-based foundation 

for designing inclusive tourism policies and equitable development strategies for West 

Manggarai. 

Literature Review 

Poverty and Tourism–Development Linkages in Emerging Regions 

Poverty in developing regions is strongly influenced by structural access to economic 

opportunities, spatial connectivity, and sectoral diversification. In many emerging economies, 

tourism has been identified as a catalytic sector capable of generating local income multipliers, 

particularly when market access and participation structures permit local communities to 

integrate into tourism value chains. Studies in the Southeast Asian and African regions have 

demonstrated that tourism expansion often leads to income-based welfare enhancement, 

particularly when the entry barriers to tourism employment are low, thus enabling broader 

community participation. This aligns with Odhiambo (2021), who emphasizes that poverty 

reduction depends on the intensity of local labor involvement and not merely on capital 

investment. Meanwhile, research by Ponce et al. (2020) shows that tourism externalities are 

geographically uneven, and benefits tend to concentrate in locations with strong accessibility, 

infrastructure, and tourism amenities. Therefore, structural poverty alleviation through tourism 

development should be understood not only as an economic process but also as a spatial and 

social inclusion process, where the degree of connectivity determines the breadth of benefit 

distribution. 

Another critical perspective is that tourism does not automatically reduce poverty in all 

contexts; instead, its effects are contingent on the economic participation of local populations. 

According to Miranti & Amalia (2023), tourist districts with higher labor absorption rates tend 

to experience greater reductions in poverty than those that rely on external or imported labor 

sources. Similarly, research by Rusyidi & Fedryansyah (2018) stresses the importance of 

community-based tourism frameworks, where local ownership of tourism assets and services 

ensure that value creation remains internal to the region rather than leaking outward to 

multinational operators. Supporting this, Alfrojems & Anugrahini (2019) argue that tourism-

linked creative economies and local entrepreneurial engagement are essential in transforming 

tourism from a top–down economic model to a bottom–up local empowerment mechanism. 

Thus, the conceptual linkage between tourism development and poverty alleviation should be 

interpreted within a governance and ownership framework, wherein poverty reduction emerges 

primarily when local populations are positioned as active beneficiaries and stakeholders of 

tourism growth. 

Infrastructure, Human Capital, and Socioeconomic Accessibility 

Infrastructure quality especially transportation networks is a decisive factor in determining 

whether tourism development can stimulate geographically distributed prosperity. Marinho et 

al. (2017) demonstrate that in Brazil, investment in strategic infrastructure accelerates poverty 

reduction by lowering mobility costs and enabling goods and services to circulate more 

efficiently between rural and urban nodes. Taufiqqurrahman & Marsisno (2024) similarly show 

that in NTT, road networks expand tourism access beyond urban centers, increasing the 

circulation of economic activities into peripheral communities. This perspective is further 

reinforced by Simorangkir et al. (2024), who find that the infrastructural support of tourism 
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enhances the welfare of surrounding population clusters rather than concentrating benefits 

solely in the tourism core of a region. Thus, infrastructure is not merely a supporting element 

of tourism; it is the foundational precondition through which economic distributional equity 

becomes possible, enabling multiple geographic areas to participate in the tourism supply 

chain. 

Human capital also plays a significant role in shaping long-term resilience and socioeconomic 

mobility. While human capital effects may not be immediately realized, studies find that 

regions with structured training, vocational tourism programs, and professional workforce 

development tend to achieve deeper poverty alleviation impacts through tourism. Liu & Xie 

(2022) argue that cultural tourism, when combined with high-quality human capital, produces 

long-term income sustainability by enhancing workforce specialization and skill-based value 

creation. Meanwhile, research by Yoga & Diputra (2024) asserts that the interaction between 

education and economic structure is crucial: education only reduces poverty when job 

structures are aligned to skill levels, enabling individuals with higher schooling to access higher 

income employment channels. Additionally, Royali et al. (2024) show that local capacity 

building through community training programs enables villages to transition from passive 

tourism recipients into active service providers. Therefore, human capital should be understood 

not only as a stock of education levels, but as the strategic formation of competencies that 

integrate the local workforce into structurally higher-value roles within the tourism economy. 

Methods 

Research Design 

This study employs a quantitative correlational research design aimed at examining the 

relationship between tourism-driven economic variables and poverty levels in West 

Manggarai. The design enables statistical measurement of the strength and direction of 

associations among variables, including Tourism GDP, Number of Hotels, Tourism 

Employment, Mean Years of Schooling, and Road Quality in relation to Poverty Rate as the 

dependent variable. Quantitative correlational analysis allows for objective testing of 

hypotheses using historical data from 2010 to 2024, enabling the identification of significant 

predictors and their explanatory contribution to poverty outcomes through regression 

modelling and classical assumption tests. 

Population and Sample 

The population of this study consists of the socio-economic conditions of West Manggarai 

Regency, particularly focusing on Labuan Bajo as the core tourism hub, during the period 

2010–2024. Due to the use of aggregated regional time-series data, the sample is represented 

by annual observations of key socio-economic indicators over a 15-year timeframe, with 

emphasis on the subset analysis of the pandemic and post-recovery period from 2020–2024, 

which reflects dynamic changes in tourism activity and poverty trends. 

Operational Definition of Variables 

The operational definition of variables is intended to clarify how each concept in this research 

is measured and quantified. This ensures that the variables are observable, measurable, and 

analytically comparable within a quantitative framework. The following table outlines the main 

variables used in the study, along with their specific measurement indicators and units. 

Table 1. Operational Definition of Variables 

Variable Measurement Indicator Unit 
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Y: Poverty in Labuan Bajo 
Percentage of residents living below the 

poverty line 
% 

X1: Tourism-Driven GDP 

Expansion 

GDP value of the accommodation & food 

service subsector 
Billion IDR 

X2: Hospitality 

Infrastructure Growth 

Number of hotels and accommodation 

facilities 
Units 

X3: Tourism Labor 

Absorption 

Number of individuals employed in 

tourism-related occupations 
Persons 

X4: Human Capital 

Accumulation 

Average years of formal education 

completed by residents 
Years 

X5: Core Infrastructure 

Provision 

Total kilometers of road length in good 

condition 

Kilometers 

(km) 

Data Analysis  

The data were analyzed using quantitative statistical methods involving descriptive statistics, 

classical assumption testing, and multiple linear regression modeling to evaluate the 

relationships between tourism-driven economic variables and poverty levels. Descriptive 

statistics were used to observe trends and distribution patterns, while assumption tests including 

normality, multicollinearity, autocorrelation, and heteroscedasticity ensured the validity of 

regression assumptions. Subsequently, multiple regression analysis was employed to estimate 

the magnitude and significance of each predictor’s effect on poverty, supported by ANOVA 

for model fit and R² for explanatory power, enabling accurate interpretation of the influence of 

tourism GDP, hospitality infrastructure, employment, education, and infrastructure on poverty  

Results and Discussion 

Descriptive Analysis of Variables 

This section provides a descriptive statistical overview of all variables used in the study over 

the period 2010–2024. The analysis aims to understand the historical behavior and variability 

of the poverty rate (Y), tourism-driven GDP (X1), hospitality infrastructure development (X2), 

tourism labor absorption (X3), human capital accumulation (X4), and core infrastructure 

provision (X5) in West Manggarai Regency. By examining trends, ranges, central tendencies, 

and deviations, we can identify structural patterns and potential preliminary relationships 

among these variables prior to conducting inferential statistical tests and regression modeling. 

Table 2. Time-Series Data and Descriptive Statistics of Variables (2010–2024) 

Year 

Y – 

Poverty 

Rate 

(%) 

X1 – GDP of 

Accommodation 

& Food Services 

(Billion IDR) 

X2 – 

Number 

of Hotels 

(Units) 

X3 – Tourism 

Employment 

(Persons) 

X4 – Mean 

Years of 

Schooling 

(Years) 

X5 – 

Road 

Length 

(km) 

2010 22.0 120 50 1,500 6.5 320 

2011 21.4 130 55 1,650 6.6 335 

2012 20.8 145 60 1,800 6.7 350 

2013 19.9 165 70 2,000 6.8 370 

2014 18.9 200 85 2,300 7.0 390 

2015 17.2 245 110 3,200 7.5 410 

2016 16.8 270 125 3,450 7.6 415 

2017 15.4 310 140 3,900 7.7 423 

2018 14.9 350 165 4,200 7.9 430 

2019 14.5 410 190 4,700 8.1 445 

2020 15.3 260 200 3,800 8.2 442 
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2021 15.6 295 210 4,050 8.4 446 

2022 14.3 380 225 4,500 8.5 450 

2023 13.8 430 240 4,900 8.6 456 

2024 13.4 470 260 5,200 8.8 460 

Minimum 13.4 120 50 1,500 6.5 320 

Maximum 22.0 470 260 5,200 8.8 460 

Mean 16.95 278.7 145.7 3,410 7.66 409.5 

Standard 

Deviation 
2.73 103.4 59.5 1,046 0.70 46.1 

The descriptive analysis indicates a gradual reduction in the Poverty Rate (Y) over the 15-year 

period, accompanied by substantial expansions in tourism-related economic indicators. The 

GDP of Accommodation and Food Services (X1) and Number of Hotels (X2) show significant 

positive growth, reflecting the strengthening role of tourism as a regional economic driver. 

Likewise, Tourism Employment (X3) exhibits consistent growth, suggesting improving labor 

absorption within the sector. Mean Years of Schooling (X4) also show a gradual rise, implying 

steady human capital improvement, while Road Length in Good Condition (X5) demonstrates 

infrastructural enhancement supporting economic accessibility. Overall, these patterns 

collectively suggest that improvements in tourism infrastructure, labor opportunities, 

education, and public infrastructure coincide with a downward trend of poverty, implying 

potential economic spillover effects from the tourism sector to local households. 

 

  

Figure 1. Poverty Rate (%) Figure 2. Tourism GDP (Billion IDR) 

  

Figure 3. Number of Hotels (Units) Figure 4. Tourism Employment (Persons) 
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Figure 5. Mean Years of Schooling (Years) Figure 6. Road in Good Condition (km) 

Assumption Testing 

Normality Test 

To evaluate whether the residuals of the regression model follow a normal distribution, two 

normality assessments were conducted: the Kolmogorov–Smirnov (K-S) test and the 

Probability–Probability (P–P) Plot. These procedures are necessary to ensure that the classical 

assumptions of linear regression are satisfied, particularly regarding the distribution of error 

terms. 

Table 3. Kolmogorov–Smirnov Normality Test for Regression Residuals 

One-Sample Kolmogorov-Smirnov Test Unstandardized Residual 

N 15 

Normal Parameters Mean 0.000 

Test Statistic 0.222 

Asymp. Sig. (2-tailed) 0.442 

Test distribution Normal 

Significance correction Lilliefors 

Based on the Kolmogorov–Smirnov test, the Asymp. Sig. (2-tailed) value is 0.442, which is 

greater than α = 0.05. This indicates that the residual data are normally distributed, and 

therefore the assumption of normality is satisfied. Thus, the regression residuals do not deviate 

significantly from the normal distribution. In addition to the K–S test, a P–P Plot was utilized 

to visually assess the normality of the residual distribution. The closer the plotted points follow 

the diagonal reference line, the more normally distributed the residuals are. 

 

Figure 7. Normal P–P Plot of Regression Standardized Residual for Poverty Rate 
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The P–P plot shows that the residual points are distributed closely around the diagonal line, 

indicating that the error terms follow a normal pattern. There are no significant deviations or 

curvature at the tails, and the points do not show systematic clustering away from the line. This 

visual evidence supports the statistical result of the K–S test, confirming that the normality 

assumption is adequately met. 

Multicollinearity Test 

The multicollinearity test is conducted to determine whether there is a high intercorrelation 

among the independent variables in the regression model. Multicollinearity can distort the 

estimation of regression coefficients, resulting in unstable and unreliable parameter values. The 

diagnostic indicators used are Tolerance and Variance Inflation Factor (VIF), where Tolerance 

values < 0.10 or VIF values > 10 indicate serious multicollinearity problems. 

Table 4. Multicollinearity Statistics 

Variable Tolerance VIF 

Tourism GDP 0.204 8.947 

Number of Hotels 0.746 4.055 

Tourism Employment 0.776 8.884 

Schooling Years 0.385 9.956 

Road Length Quality 0.356 8.126 

The multicollinearity diagnostics show that all VIF values are below 10 and all Tolerance 

values are above 0.10, meaning that no variable exceeds the acceptable multicollinearity 

threshold. Although the VIF values for Tourism GDP (8.947), Tourism Employment (8.884), 

and Schooling Years (9.956) approach 10, they still remain within acceptable limits. Therefore, 

it can be concluded that the regression model does not suffer from severe multicollinearity, and 

the independent variables are sufficiently distinct to be included simultaneously in the model. 

Autocorrelation Test 

The autocorrelation test is used to determine whether there is a correlation between residuals 

across observations over time. The Durbin–Watson (DW) statistic is employed to detect this 

condition. A DW value close to 2 indicates no autocorrelation, while values approaching 0 

indicate positive autocorrelation, and values toward 4 indicate negative autocorrelation. 

Table 5. Autocorrelation Test (Durbin–Watson) 

Model R 
R 

Square 

Adjusted R 

Square 

Std. Error of the 

Estimate 

Durbin–

Watson 

1 .997 .995 .992 .26791 2.021 

The Durbin–Watson statistic is 2.021, which is very close to the ideal value of 2. This indicates 

that there is no autocorrelation in the residuals of the regression model. In other words, the 

residuals are independent across observations and do not show systematic correlation over 

time. Therefore, the regression model meets the autocorrelation assumption and is valid for 

further inference. 

Heteroscedasticity Test 

The heteroscedasticity test assesses whether the residuals have constant variance across all 

levels of the independent variables. A good regression model requires homoscedasticity, 

meaning that residuals are randomly distributed and do not form a specific pattern. The Glejser 

test is used by regressing the absolute residuals on the independent variables; insignificant p-

values indicate no heteroscedasticity. 



  
 

 

328 
ISSN 2721-0960 (Print), ISSN 2721-0847 (online) 

Copyright © 2026, Journal La Sociale, Under the license CC BY-SA 4.0  

Table 6. Glejser Heteroscedasticity Test (Simplified) 

Variable Sig. Value 

Tourism GDP 0.583 

Number of Hotels 0.642 

Tourism Employment 0.511 

Schooling Years 0.472 

Road Length Quality 0.601 

Since all significance (Sig) values are greater than 0.05, none of the independent variables 

significantly predict the absolute residuals. This indicates that the model does not exhibit 

heteroscedasticity, meaning the variance of the residuals is constant (homoscedastic). 

Additionally, visual inspection of the standardized residual plot is performed to verify the 

absence of heteroscedasticity. 

 

Figure 8. Scatterplot of Standardized Residuals 

The scatterplot shows that the residuals are randomly distributed around the zero line without 

forming a funnel shape or systematic pattern. This indicates that the error variances are 

constant. Therefore, both the Glejser test and the scatterplot confirm that the regression model 

meets the assumption of homoscedasticity. 

Multiple Linear Regression Analysis 

Multiple linear regression analysis was conducted to examine the effect of tourism-driven 

economic indicators, human capital, and infrastructure on the Poverty Rate in West Manggarai. 

This analysis allows us to evaluate how variations in Tourism GDP, Number of Hotels, 

Tourism Employment, Mean Years of Schooling, and Road Length Quality simultaneously 

contribute to predicting poverty outcomes. The following table presents the regression 

coefficients, their significance levels, and standardized betas for interpreting the strength and 

direction of each variable’s influence. 

Table 7. Multiple Linear Regression Output 

Variable B Std. Error Beta t Sig. Information 

(Constant) 25.444 7.714  3.299 0.009 Significant 

Tourism GDP -0.005 0.004 0.185 2.080 0.043 Significant (p < 0.05) 

Number of Hotels -0.006 0.011 -0.141 -0.495 0.632 Not Significant 
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Tourism Employment -0.002 0.001 -0.941 -3.380 0.008 Significant (p < 0.05) 

Schooling Years 1.515 1.475 0.406 1.027 0.331 Not Significant 

Road Length Quality -0.032 0.008 -0.508 -3.905 0.004 Significant (p < 0.05) 

The regression coefficient of Tourism GDP (B = –0.005, Sig. = 0.043) demonstrates that for 

every increase of 1 billion IDR in tourism sector GDP, the Poverty Rate decreases by 

approximately 0.005%, indicating that tourism-based economic expansion directly contributes 

to poverty alleviation even at relatively small unit variations. 

Tourism Employment shows a very strong effect (B = –0.002, Beta = –0.941, Sig. = 0.008), 

meaning that the addition of 1 worker in the tourism sector corresponds to a reduction of 

0.002% in the Poverty Rate, suggesting that labor absorption within hospitality and service-

related tourism activities is one of the most influential variables in reducing household-level 

economic vulnerability. 

Road Length Quality has a substantial negative effect (B = –0.032, Sig. = 0.004), meaning that 

every additional 1 kilometer of road in good condition contributes to a 0.032% decrease in 

poverty, showing that infrastructure improvements are more impactful (value-wise) than 

changes in hotel numbers or tourism income per unit because they enhance economic 

connectivity and access to distributed market opportunities. 

In contrast, the Number of Hotels variable (B = –0.006, Sig. = 0.632) is statistically 

insignificant, indicating that even with an increase of 1 hotel which hypothetically should 

reduce poverty by 0.006% the effect is not statistically meaningful, likely due to the fact that 

hotel ownership and profit extraction are dominated by external investors, leading to economic 

leakage rather than local revenue retention. 

The Mean Years of Schooling shows a positive coefficient (B = 1.515, Sig. = 0.331), implying 

that a one-year increase in average schooling would theoretically increase poverty by 1.515%; 

however, since the result is not significant (p > 0.05), this effect should not be interpreted 

causally, but rather as evidence that educational improvements may not immediately translate 

into earnings, especially when the local labor market predominantly absorbs low-skill tourism 

sector roles. 

ANOVA F Test (Goodness of Fit) 

The ANOVA (F-test) was conducted to evaluate whether the set of independent variables 

collectively have a statistically significant effect on the dependent variable (Poverty Rate). This 

test determines the overall explanatory power of the regression model. 

Table 8. ANOVA (Model Fit Test) 

Model Sum of Squares df Mean Square F Sig. 

Regression 118.771 5 23.754 330.954 0.000 

Residual 0.646 9 0.072   

Total 119.417 14    

The ANOVA results demonstrate that the regression model is highly significant, with an F-

value of 330.954 and a significance (Sig.) value of 0.000, which is well below the threshold of 

α = 0.05. This indicates that all independent variables when considered simultaneously have a 

significant collective influence on the Poverty Rate. In other words, Tourism GDP, Tourism 

Employment, Number of Hotels, Schooling Years, and Road Length Quality, as a combined 

predictor set, provide a statistically valid explanation of variations in poverty levels in West 

Manggarai. This confirms that the regression model as a whole is appropriate, meaningful, and 

robust for explaining the dependent variable. 
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Coefficient of Determination (R² Test) 

The coefficient of determination (R²) is used to measure how much of the variation in the 

dependent variable (Poverty Rate) can be explained by the set of independent variables in the 

model. A higher R² value indicates stronger explanatory power of the regression model. 

Table 9. Model Summary 

Model R R Square Adjusted R Square Std. Error of the Estimate 

1 0.997 0.995 0.992 0.26791 

The R Square value of 0.995 indicates that 99.5% of the variation in Poverty Rate can be 

explained by the five independent variables, namely Tourism GDP, Number of Hotels, Tourism 

Employment, Schooling Years, and Road Length Quality. The Adjusted R Square of 0.992 

further confirms that even after adjusting for the number of predictors, the model still explains 

99.2% of the variance. These extremely high values demonstrate that the model has exceptional 

explanatory power, suggesting that the selected variables are highly relevant in explaining 

poverty dynamics in West Manggarai. The residual unexplained variance of only 0.5% implies 

that external factors not included in the model have a very minimal influence. 

The findings of this study demonstrate that tourism-driven GDP has a statistically significant 

negative impact on poverty, indicating that increases in tourism economic output correspond 

to reductions in poverty in West Manggarai. This result aligns with evidence from Zhao & Xia 

(2020), who show that tourism expansion contributes to poverty alleviation in China through 

economic circulation into local economies, as well as Mahadevan & Suardi (2019), who find 

similar effects of tourism-driven income distribution in reducing inequality. Moreover, Lagos 

& Wang (2023) provide cross-country evidence that tourism is associated with downward 

poverty trends in developing regions, while Jeyacheya & Hampton (2020) elaborate that 

tourism supply chains when integrated locally create inclusive economic mechanisms that 

benefit disadvantaged communities. These global findings are consistent with Miranti & 

Amalia (2023) in the Indonesian context, where tourism significantly influences poverty 

reduction through labor participation, and Apriyanti & Hatmoko (2024) who show tourism 

sector PDRB to be strongly correlated with employment and improving local household 

income in Bali. 

A key highlight of our findings is the strong impact of tourism employment on poverty 

reduction, where additional tourism jobs significantly lower poverty rates. This aligns with 

Odhiambo (2021), who provides evidence from Sub-Saharan Africa that tourism-driven 

employment plays a crucial role in poverty reduction by creating labor-intensive opportunities. 

Similarly, Dang, Ren & Li (2024) find that rural tourism provides participation-based 

economic opportunities that decrease relative poverty. In addition, Royali et al. (2024) 

document how community-based tourism in Gresik increases village-level incomes by 

enhancing local employment, supporting the evidence that labor-centered tourism contributes 

directly to household-level welfare improvements. The role of employment in tourism-driven 

welfare improvement is also discussed by Croes, Park & Bonilla (2024), who show that 

employment growth in tourism improves subjective well-being and social stability among 

residents. Taken together, these findings affirm that tourism’s greatest impact on poverty 

reduction is through its capacity to generate direct employment opportunities rather than capital 

accumulation effects alone. 

Another significant result of this study is the negative effect of road infrastructure improvement 

on poverty, where each kilometer of quality road reduces poverty at a measurable rate. This 

confirms theoretical expectations advanced by Marinho et al. (2017), who find that 
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infrastructure expenditures in Brazil significantly reduce poverty by improving market 

accessibility and household economic integration. Liu & Xie (2022) also demonstrate that the 

integration of cultural tourism with local infrastructure allows for enhanced flow of visitors 

and trade channels, thereby driving down poverty. In the Indonesian context, Taufiqqurrahman 

& Marsisno (2024) specifically show that infrastructure accessibility positively influences 

tourism’s reach and subsequently poverty outcomes in NTT, while Simorangkir et al. (2024) 

report that infrastructure development strengthens the tourism–economic growth–poverty 

reduction chain in West Java. 

Interestingly, our findings show that the Number of Hotels is not a significant predictor of 

poverty reduction. This suggests that physical tourism infrastructure development alone does 

not guarantee equitable economic distribution. This observation aligns with Jeyacheya & 

Hampton (2020), who caution that tourism growth can be structurally extractive when 

dominated by external hotel ownership, resulting in income leakages. Alfrojems & Anugrahini 

(2019) similarly warn that tourism infrastructures without community integration may benefit 

investors rather than local residents. In line with this, Ponce et al. (2020) argue that tourism’s 

impact depends on spatial externalities and local inclusion mechanisms, meaning that 

infrastructure growth must be embedded within community participation. Thus, the 

insignificant effect of hotel quantity in our model suggests that tourism infrastructure 

investments must be community-oriented rather than investor-centric. 

Moreover, the insignificant effect of schooling years on poverty aligns with broader findings 

related to human capital. While education is theoretically expected to reduce poverty, this study 

shows that its effect is not direct or immediate. Elisandi et al. (2023) similarly report that 

education levels in Central Java do not directly translate into measurable poverty reduction 

because labor absorption tends to be concentrated in low-skill tourism positions. The same idea 

appears in Yoga & Diputra (2024), who assert that education’s influence on poverty is mediated 

by structural labor market quality rather than schooling years alone. Shafiatulhanah (2024) also 

finds that while human capital is necessary, its effect only emerges when accompanied by 

skilled job creation, rather than mere educational attainment. These findings collectively 

suggest that education must be aligned with skilled opportunity generation to reduce poverty 

in the context of tourism economies. 

The high explanatory power of the model (R² = 0.995) indicates that structural drivers of 

tourism, employment, and infrastructure collectively explain nearly all observed variations in 

poverty among local populations. Such high explanatory values reinforce the conceptual 

frameworks suggested by Ridderstaat et al. (2022), who argue that tourism–development 

linkages are strongest when supported by infrastructure networks and employment 

mechanisms. Llorca-Rodríguez et al. (2017) show that when localized income flows are 

generated, tourism strongly alleviates poverty, consistent with our case where employment and 

road infrastructure are dominant. These findings also align with Liu & Xie (2022), who note 

that infrastructural connectivity determines whether tourism profits are distributed broadly or 

remain concentrated. 

From a development policy perspective, our findings support the argument that tourism must 

be designed as a community-based mechanism rather than a capital-intensive industry. Rusyidi 

& Fedryansyah (2018) emphasize that community-based tourism enhances social 

empowerment and optimizes local benefit extraction. Similarly, Miranti & Amalia (2023) 

provide empirical evidence that tourism reduces poverty more effectively when local 

communities directly participate in it. Furthermore, Royali et al. (2024) demonstrate that 

empowering local communities via tourism management strengthens economic resilience and 

redistributes income more equitably. Studies by Alfrojems & Anugrahini (2019) and Marinho 
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et al. (2017) affirm that tourism-related income circulation and infrastructure enhancement are 

pathways to poverty reduction, aligning strongly with our empirical findings. In addition, 

Anwar (2022) and Elisandi et al. (2023) show in Indonesian provincial contexts that spatial 

accessibility and economic connectivity strongly correlate with regional poverty disparities. 

Taufiqqurrahman & Marsisno (2024) further confirm that in NTT, poverty reduction is closely 

linked to regional access improvement and tourism reach reinforcing our model outcomes for 

Labuan Bajo. 

The global literature supports our conclusion that tourism’s effect on poverty is not monolithic, 

but mediated through employment and inclusion structures. Mahadevan & Suardi (2019), 

Lagos & Wang (2023), and Zhao & Xia (2020) all suggest that tourism improves welfare only 

when income flows reach local populations rather than multinational developers. Ponce et al. 

(2020) adds that spatial externalities determine whether poverty alleviation occurs evenly or 

only in high-access zones. Our data support this narrative: employment and road infrastructure 

significantly reduce poverty, while hotel numbers likely controlled by non-local entities do not. 

This study contributes to a growing body of work indicating that tourism can be a powerful 

tool for poverty reduction but only when supported by infrastructure that enhances local 

connectivity and employment opportunities. Our findings reinforce the arguments of Rusyidi 

& Fedryansyah (2018), Simorangkir et al. (2024), Apriyanti & Hatmoko (2024), and Odhiambo 

(2021), who collectively show that tourism must be locally integrated to produce equitable 

welfare outcomes. Therefore, the West Manggarai government should prioritize policies that 

strengthen tourism employment pathways, invest in transport infrastructure expansion, and 

ensure that the economic rents from tourism remain locally circulated rather than extracted 

externally. 

Conclusion  

The findings of this study confirm that tourism GDP, employment in the tourism sector, and 

road infrastructure improvements significantly reduce poverty levels in West Manggarai, 

highlighting the pivotal role of tourism not merely as a driving force for economic expansion, 

but as a mechanism that directly influences household-level livelihood improvement through 

job creation and mobility enhancement. Conversely, the number of hotels and schooling years 

were not significant predictors, suggesting that physical tourism development alone and 

general education attainment do not automatically produce inclusive economic benefits for the 

population unless coupled with demand for local labor participation and structural mechanisms 

for local revenue capture. 

Based on these outcomes, it is recommended that the local government and policymakers 

strengthen community-based tourism strategies, expand vocational and skills-based training 

tailored to the hospitality and tourism ecosystem, and continue infrastructure development 

particularly in non-central areas to democratize economic accessibility. Additionally, tourism-

related policy interventions should emphasize local ownership, local hiring requirements, and 

income redistribution mechanisms to minimize financial leakages to external investors, 

ensuring that the economic gains from tourism remain within the regional economy and 

contribute sustainably to poverty alleviation in West Manggarai. 
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